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FOR BIOLOGY

Introduction Prediction of Cognition

® Functional connectivity (FC) refers to the statistical dependencies Reading (pronunciation) Focabulary {picture matching] working HMemony frbac
between aCt|V|ty Of dlStlnCt braln areas [1] Bin 1 - Full Connectome> 0.32 FuIIConnectome> 0.31 Full Connectome> | 640
® To study temporal fluctuations in FC researchers have proposed the :
computation of an edge time series (ETS) and their derivatives. TP T T B
® Evidence suggests that FC is driven by a few time frames of high- -
amplitude co-fluctuation (HACF) in the ETS, which may also *"715 = = = = -
contribute disproportionately to interindividual differences [2]. s & & & 8 S '
Reading (pronunciation) Vocabulary (picture matching) Working Memory (n-back)
® It remains unclear to what degree different time points actually —e— HACF  --—— Full FC
contribute to brain-behaviour associations. Here, we systematically — LACT
evaluate this question in the Human Connectome Project (HCP) .
dataset [3] |
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A __ B ~ F ® Intermediate levels of co-fluctuation vyield highest subject
F 2 ] identifiability and predictive capacity.
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